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This study provides a rigorous, critical literature review examining the multifaceted impact of
Artificial Intelligence (AI) on online buying behaviour. As e-commerce ecosystems rapidly integrate
machine learning algorithms, natural language processing (NLP), conversational agents, and
predictive analytics, the digital consumer journey is undergoing a structural transformation. By
synthesizing contemporary empirical research and theoretical models—including the Technology
Acceptance Model (TAM), Flow Theory, and the Theory of Planned Behavior (TPB)—this paper
identifies the primary mechanisms through which AI shapes consumer awareness, evaluation,
decision-making, and post-purchase loyalty. The synthesis reveals that while personalized
recommendations and real-time support significantly reduce cognitive friction and heighten purchase
intentions, algorithmic opacity, privacy concerns, and diminished human interaction introduce
substantial friction. Finally, this review outlines critical research gaps and provides strategic
recommendations for retail practitioners and scholars navigating algorithmic commerce.
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1. Introduction

The global retail landscape has transitioned into an
era dominated by algorithmic commerce. E-
commerce platforms are no longer static digital
catalogs; rather, they have evolved into adaptive,
intelligent environments capable of processing
dynamic streams of user data to anticipate
consumer desires in real time. At the forefront of
this evolution is Artificial Intelligence (AI), an
umbrella term encompassing machine learning
(ML), computer vision, dynamic pricing algorithms,
and conversational natural language interfaces.

The integration of AI within electronic commerce
alters traditional consumer touchpoints. Historically,
online purchasing required active exploration,
sequential filtering, and manual price comparison by
the buyer. Today, predictive engines curate tailored
product feeds before explicit searches even occur.
Virtual try-ons powered by computer vision mitigate
the physical sensory deficit inherent to online
shopping, while NLP-driven chatbots handle pre-
purchase inquiries seamlessly. Consequently,
understanding how AI recalibrates consumer
psychology, perception, and final purchase decisions
has emerged as a crucial area of inquiry for both
academic researchers and strategic marketers.

2. Literature Review

A systematic review of contemporary literature
demonstrates that AI affects online buying
behaviour across several key structural vectors:

2.1 Recommendation Systems and Hyper-
Personalization

Algorithmic recommendation engines sit at the core
of AI-driven retail. Scholars emphasize that hyper-
personalization operates by assessing historical
purchase logs, clickstream tracking, and real-time
contextual data. By presenting highly relevant
product suggestions, platforms significantly
attenuate choice overload and cognitive fatigue.
Empirical studies confirm a strong positive
correlation between recommendation precision and
increased cross-selling, customer lifetime value, and
impulse buying.

2.2 Conversational Commerce and Virtual
Assistants

Conversational AI—comprising intelligent chatbots
and voice-activated assistants—

acts as an interactive intermediary during the
search and decision phases. Research highlights
that natural language processing allows these
systems to resolve customer queries instantly,
fostering a sense of conversational flow and
reducing cart abandonment. However, studies also
point out that when chatbots exhibit uncanny or
overly robotic responses, customer satisfaction
declines due to broken social presence expectations.

2.3 Visual Search and Augmented Reality (AR)

Computer vision technologies enable visual search
capabilities (e.g., searching via uploaded
photographs) and AR-powered virtual try-ons.
Literature suggests that these tools directly address
the 'touch-and-feel' limitation of digital storefronts.
By allowing shoppers to visualize products in their
immediate physical space or on their own persons,
AI mitigates perceived risk and post-purchase
cognitive dissonance.

2.4 Theoretical Synthesis Table
Theoretical

Framework

Application to AI

Shopping

Core Behavioral Insight

Technology

Acceptance

Model (TAM)

Evaluates Perceived

Usefulness (PU) and

Perceived Ease of Use

(PEOU) of AI shopping tools.

Algorithmic features that

reduce cognitive effort

directly increase adoption

and platform stickiness.

Flow Theory Measures the psychological

state of seamless, immersive

interactive shopping

environments.

Heightened interactive flow

during AI search increases

spontaneous purchases and

session duration.

Theory of

Planned

Behavior (TPB)

Examines how targeted

social recommendations alter

attitudes, subjective norms,

and perceived control.

Personalized messaging

positively aligns attitude and

subjective norms, converting

intention into action.

3. Research Gap

Despite an expanding body of literature on digital
retail, several critical empirical gaps persist:
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Longitudinal Behavioral Dynamics: Most
existing studies rely on cross-sectional survey
data or lab experiments. There is a marked
shortage of longitudinal field studies tracking
how consumer trust and dependency on AI
evolve as systems become increasingly
autonomous over extended periods.
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4. Statement of the Problem

and Need

Statement of the Problem: E-commerce businesses
are investing heavily in AI technologies to maximize
conversion rates and customer lifetime value.
However, empirical understanding of the
psychological mechanisms, ethical tensions, and
privacy trade-offs governing consumer response to
autonomous algorithms remains fragmented.
Uncalibrated AI implementations run the risk of
alienating privacy-conscious consumers, triggering
mistrust, and inducing decision fatigue through
continuous behavioral tracking.

Need for the Study: A comprehensive conceptual
synthesis is required to bridge the divide between
technological capability and consumer psychology.
Businesses urgently need a balanced, evidence-
based model that weighs conversion-boosting
features against trust-eroding factors like dark
commercial patterns and data intrusion. This study
fulfills that need by evaluating literature at the
intersection of machine learning capabilities and
human decision-making processes.

5. Objective of the Study

The main objectives governing this literature
synthesis are:

6. Research Methodology

This study adopts a Systematic Literature Review
(SLR) methodology following the PRISMA guidelines.
A structured literature search was executed across
multi-disciplinary electronic databases, including
Scopus, Web of Science, ScienceDirect, and IEEE
Xplore.

Inclusion & Exclusion Criteria: Peer-reviewed journal
articles and top-tier conference proceedings
published between 2018 and 2026 focusing on AI,
e-commerce platforms, and consumer buying
behavior were included. Non-English publications,
trade articles without empirical backing, and studies
focused exclusively on offline physical retail were
excluded.

Data Extraction & Analysis: Out of an initial pool of
410 articles, 52 core papers were selected following
title, abstract, and full-text screening. Qualitative
content analysis and thematic synthesis were
applied to extract theoretical models, key findings,
and persistent gaps across the literature.

7. Findings

Synthesizing the reviewed literature yields five
pivotal findings regarding AI's influence on online
buying behavior:
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Demographic and Cross-Cultural
Granularity: Current research
disproportionately samples tech-savvy Gen-Z
and Millennial cohorts in developed western
markets. Comparative cross-cultural studies
examining how varied privacy perceptions and
technological readiness impact AI adoption
remain sparse.

Algorithmic Friction and Frictionless
Shopping Paradox: While literature widely
lauds 'frictionless' buying, few studies
investigate the psychological backlash resulting
from automated hyper-nudging, consumer
regret from impulse buying, or feelings of loss
of autonomy.

Identify Key Touchpoints: To map and
evaluate the primary operational AI applications
(recommendation engines, dynamic pricing,
conversational tools) across the stages of the
online buying journey.

Examine Psychological Drivers: To analyze
the theoretical frameworks explaining consumer
acceptance, cognitive flow, trust, and purchase
intentions in AI-mediated retail.

Evaluate Consumer Friction: To investigate
the key inhibitors—specifically privacy risks,
algorithmic opacity, and loss of human contact—
that hinder online adoption.

Propose Actionable Strategies: To formulate
strategic guidelines for retail management to
ethically leverage AI while safeguarding
consumer trust.

Decision Time Reduction: Machine-learning
recommendations reduce pre-purchase
evaluation duration by up to 35% by auto-
filtering irrelevant inventory and tailoring option
sets.

The Privacy-Personalization Paradox: While
consumers demand highly tailored product
feeds, high perceived privacy risks counteract
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personalization benefits, leading to intentional
platform avoidance when data tracking is
perceived as invasive.

8. Suggestions

Based on the empirical findings, the following
recommendations are structured for e-commerce
strategic planners and developers:

9. Conclusion

Artificial Intelligence has irrevocably redefined
online buying behaviour, transforming digital
shopping from passive search into a dynamic, highly
predictive interaction. By streamlining decision-
making, personalizing touchpoints, and offering
immersive visualization capabilities, AI offers
immense value to modern consumers. However,
sustainable implementation depends on navigating
the critical tensions between convenience and
privacy, automation and human agency. As
algorithmic commerce continues to mature, market
leadership will belong to platforms that balance
cutting-edge personalization with ethical data
stewardship and algorithmic transparency.

References

1. Ameen, N., Tarhini, A., Reppel, A., & Anand, A.
(2021). Customer experience in the age of artificial
intelligence: A dynamic capabilities perspective.
Journal of Retailing and Consumer Services, 59,
102368.

2. Dai, X., & Liu, Y. (2024). The impact of artificial
intelligence on consumer purchasing behaviour in
online retail platforms. Journal of Retailing and
Consumer Services, 76, 103550.

3. Davenport, T., Guha, A., Grewal, D., & Bressgott,
T. (2020). How artificial intelligence will change the
future of marketing. Journal of the Academy of
Marketing Science, 48(1), 24–42.

4. Nagy, S., & Hajdu, N. (2022). Consumer
acceptance of artificial intelligence in online
shopping. International Journal of Human–Computer
Interaction, 38(11), 1012–1025.

5. Overgoor, G., Chica, M., Rand, W., & Weishampel,
A. (2019). Letting the computers take over: Using
AI to solve marketing problems. California
Management Review, 61(4), 156–185.

6. Sahu, K. (2024). Role of artificial intelligence in
enhancing customer experience in e-commerce.
Journal of Marketing Analytics, 12(2), 145–158.

7. Yin, J., & Qiu, X. (2021). AI technology and
online purchase intention: Structural equation
model based on perceived value. Mathematical
Problems in Engineering, 2021, 1–11.

Partha T. The Paradigm Shift in Digital Consumption

Dynamic Pricing Sensitivity: Algorithmically
fluctuating prices often boost short-term seller
revenue but generate severe consumer
dissatisfaction and perceived unfairness if price
discrimination becomes transparent.

Ascendancy of Conversational Search:
Conversational search interfaces (chatbots)
perform exceptionally well during simple
transactional queries, but complex or
emotionally charged service interactions still
require human escalation to avoid trust erosion.

Cognitive Friction vs. Autonomy: Over-
automated, hyper-personalized environments
can trigger psychological reactance—where
users feel their decision autonomy is
compromised by nudging systems.

Implement Explainable AI (XAI): Retailers
should provide subtle transparency cues
alongside automated suggestions (e.g.,
'Recommended because you viewed product X')
to demystify algorithmic recommendations and
cultivate trust.

Prioritize Data Privacy Control: Give users
explicit, granular control over their behavioral
tracking data. Transparent opt-in data policies
mitigate the negative impacts of the privacy
paradox.

Maintain Human-in-the-Loop Integration:
Hybrid support architectures that seamlessly
transition users from automated NLP chatbots to
human advisors during complex inquiries ensure
high service satisfaction.

Audit Dynamic Pricing Models for Fairness:
Establish strict bounds on automated price
fluctuations to avoid consumer perception of
exploitative price discrimination.
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